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Real estate investment environment evaluation based on SVM

ZHOU Shu-jing, CAO Li-mei, LI Yan-cang
(College of Civil Engineering, Hebei University of Engineering, Handan 056038 , China)
Abstract: The environment is the key to the success of real estate investment. Therefore, it is very impor-
tant for the investment environment evaluation of real estate. Firstly, the basic theory of support vector ma-
chine for regression (SVR) was introduced, and then a SVM to evaluate the investment environment of real
estate was builted. Through simulating and comparing with the method of BP neural network, the method is

proved effectiveness.
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Tab.1 Index system of real estate investment
environment evaluation
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Tab.2 Learning samples
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070705 1 0.7 1

1 071 1 071
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1 07 1
1 07 1
0.7 0.7 0.5 0.7 0.7 0.5 0.7 0.5 0.7 0.7 0.5 0.5 0.7 0.7 0.7 0.7 0.7 0.7 1 0.5 0.641
0.707 1 0.7 0.70.50.70.50.70.70.70.50.70.70.70.70.70.70.70.5 0.68
1 07 1
0.7 0.5 0.5 0.7 0.7 0.5 0.7 0.7 0.5 0.7 0.7 0.5 0.7 0.7 0.7 0.5 0.7 0.7 0.7 1 0.647
0707 1 070705 1 0.7 1 0.70.7 1
0.7 0.7 0.3 0.5 0.3 0.5 0.3 0.5 0.5 0.5 0.7 0.5 0.3 0.7 0.7 0.5 0.7 0.3 0.3 0.1 0.46
1 07 1 070707070707 1 0.5 0.817
1 07 1
0.7 0.7 0.5 0.7 0.7 0.5 0.7 0.5 0.5 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.7 0.3 1 0.1 0.63

1 07107070707 1 1 1 1 0.8!
0.5 0.7 0.5 0.7 0.5 0.5 0.5 0.7 0.5 0.7 0.7 0.5 0.7 0.5 0.7 0.7 0.7 0.7 0.7 0.5 0.604
0.5 0.5 0.3 0.5 0.3 0.3 0.3 0.5 0.3 0.50.3 0.3 0.3 0.50.30.30.30.30.30.1 0.34
0.5 0.5 0.5 0.5 0.7 0.3 0.3 0.5 0.5 0.7 0.7 0.5 0.3 0.5 0.7 0.7 0.7 0.7 0.3 0.5 0.488
050505070705 1 0.7 1 070.7 1

1 070707 1 0.70.70.1 0.713
1 070707 1 0307 1 0.91
1 070507 1 1 0.70.1 0.81

1 070707 1 0.7 1 0.5 0.827

1 070707 1 070.705 0.727

1 0.70.70.70.70.70.70.5 0.76
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Tab.3 Based on the SVM and BP neural
network training results
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1 0.861
2 0.604
3034
4 0.488
50.713
6 0.931
7 0.81
8 0.641
9 0.683
10 0.827
11 0.647
12 0.727

0.8609
0.6035
0.3396
0.4883
0.7146
0.9328
0.8107
0.6421
0.6843
0.829
0.6472
0.7219

0.0116
0.0828
0.1176
0.0615
0.2244
0.1933
0.0864
0.1716
0.1903
0.2418
0.0309
0.7015

0.8612
0.6029
0.3408
0.489%4
0.7185
0.9193
0.8094
0.6343
0.689
0.8289
0.6511
0.7196

0.0232
0.1821
0.2353
0.2869
0.7714

1.257 -

0.0741
1.0452
0.8785
0.2297

' 0.6337

1.0179
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Tab.4 Comparison of test results and dassification
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13 0.46
14 0.817
15 0.766
16 0.63

0.4513
0.8247
0.7665
0.6381

1.8913
0.9425
0.0652
1.2857

0.4509
0.8369
0.7567
0.6614

1.9783
2.4357
1.2141
4.9841
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