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Research on optimizing big data storage structure in distributed system

FENG Han — chao ZHOU Kai - dong
( School of Information & Electrical Engineering Hebei University of Engineering Hebei Handan 056038 China)

Abstract: In a distributed system the data storage structure directly affects the storage efficiency and
processing performance of big data. In the row store structure the data is loaded locally and the
speed is fast but it also loads additional columns and it” s hard to compress. The column store
structure has high compression efficiency but it has additional network transferring overhead. To o-
vercome their storages and improve the data storage structure this paper presents a new data storage
structure combining row and column. The experiment result shows that it” s inferior a little in data
loading to the row store structure and it has high compression efficiency comparing with the row store
structure and column store structure. It not only avoids additional disk I/0 but also cuts down the
unnecessary network transfer time in column store. So the row — column store can greatly improve big
data storage and processing performance in distributed system.

Key words: big data; distributed system; row — column store
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