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Novel chaotic particle swarm optimization algorithm and

for solving function mean

WANG Xiao-min' , LIU Hong—wei2 , LI Shi-yanl

(College of Mechanical and Electrical Engineering, Hebei University of Enfineering, Hebei Handan 056038, China;

2. College of Arts, Hebei University of Enfincering, Hebei Handan 056038, China)
Abstract: The novel chaotic swarm particle swarm optimization algorithm was proposed based on limited ef-
fective region to deal with the problems of premature and local convergence of simple particle swarm optimi-
zation algorithm (PSO). The special initialization was applied to cover the global optimization. The swarm
diversities were increased by introducing the chaotic series nonlinear property in the velocity update pro-
cess. The particles outside the limited effective region explored the feasible region to improve the explora-
tion, and the particles in the limited effective region searched the optimization to improve the precision.
The experiment result shows that the proposed algorithm has better accuracy and efficiency of solution.
Key words: Logistic series; chaotic swarm particle swarm optimization algorithm; limited effective region;

function mean
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Fig.2 The particle search range with the iteration number of times changes
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Fig.4 Curve of mean value of the three test function with iteration times
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