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Abstract: The classic algorithm of analysis clustering basing on uncertain data is discussed. The re—
search actuality and new progress in uncertain data clustering algorithm in recent years are summa-—
rized in this paper. First the analysis and induction of some representative uncertain data clustering
algorithms have been made from several aspects such as the ideas of algorithm key technology ad-
vantage and disadvantage. Second several typical density — based algorithms and known data sets are
selected; experiments are implemented and comparing with the same clustering of the data set under
different algorithms. The clustor analysis was given by basing on compareding uncertain data in this
paper. The above work can give a valuable reference for management of uncertain data.
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Tab. 1 The connection between adjusted rand index

and the max - distance of mobile object

ARI 2.5 5 7.5 10 20 50

PDBSCAN 0.743 0.731 0.71 0.702 0.599 0.500

FDBSCAN 0.700 0.674 0.616 0.592 0.503 0.356
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Tab. 2 The connection between adjusted rand index

and the partition — based distance

ARI 2.5 5 7.5 10 20 50

UK — means 0.733 0.689 0.652 0.632 0.506 0.311
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Tab. 3 The connection between adjusted rand index

and the mobile distance — based

ARI 20 40 50 60 70 80

UK —means 0.717 0.709 0.691 0.632 0.516 0.501
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