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Research of intelligent diagnosis for short children based on

genetic algorithms and neural networks
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Abstract; For the problem of short children, an intelligent diagnosis expert system is established
based on neural networks. The index system of evaluation for short children is proposed. The back
propagation network structure parameters are optimized by using genetic algorithms and a new intelli-
gent diagnosis model is established by using back propagation neural network. The experiment results
show that the new algorithm can overcome the local convergence and feebleness of generalization abili-
ty of back propagation algorithms. This methed is superior to the other algorithms in the aspects of ac-
curacy and accelerating convergence and is suitable for the computer — aided diagnosis of short chil-
dren.
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Tab. 1 Pretreated case data sheet

b LE R 01 02 03 04 05
5 0 0 1 0 1

k& /kg 0.063 4 -0.1020 0.4325 -0.129 5 0.338 8
EW 0.3415 0.585 4 0.487 8 0.5122 1.000 0

CHN & 0.000 0 0.3415 0.658 5 0.634 1 0.756 1
BB B/ cm -0.048 2 0.446 5 0.496 9 0.446 5 0.710 7
BIM 5% 0.440 8 -0.5347 0.3776 0.5857 0.004 1

R BE/em -1.000 0 0.600 0 -0.2000 -0.066 7 -0.200 0
B 58/cm 0.860 1 -0.538 5 0.580 4 0.440 6 -0.8182
GH/pg - L™ -0.660 0 -0.462 6 -0.9513 -0.088 3 -0.847 1
TT3/pmol + L™ -0.647 8 -0.764 1 0.6220 0.686 6 -0.6252
TT4/pmol - L~ -0.2003 0.631 2 -1.000 0 -0.923 4 0.373 1
TSH/mlU - L™ -0.536 9 -0.780 0 0.5427 -0.563 0 0.248 9
LH/mIU - ml™' 0.916 3 -0.969 8 -0.436 2 -0.4759 -0.6913
IGF-1/pg - L' -0.2179 -0.5270 -0.797 5 0.1376 0.085 0
GFBP -3/mg - L' -1.000 0 -0.998 6 -0.662 3 -0.220 3 -0.298 1
HETE 1 1 1 0 1

iR CT 1 1 1 0 1
LW R 110 001 001 101 010
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Fig.2 Training curve of BP network
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Fig.3 The evolution curve of BP network
optimized with genetic algorithm
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Fig.4 The training curve of BP network op-
timized with genetic algorithm
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