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An Improved LiDAR Point Cloud Filtering Method

MA Xiaolu,ZHEN Wenxue , GONG Chaoguang
(School of Electrical and Information Engineering, Anhui University of Technology, Ma’ anshan, Anhui 243000, China)

Abstract: Aiming at solving the problems of poor noise sensitivity and accuracy in the filtering process
of mobile robot LiDAR point cloud data, a weighted Gaussian filtering method was proposed. In this
method, Gaussian filter and angle cosine were used as the weighted value to filter the radar point cloud
data, which reduced the fluctuation of object contour scanned by LiDAR. Finally, the method was ap-
plied to the actual robot chassis of robot operation system. The experimental results show that the meth-
od can better solve the problems in the process of LiDAR point cloud filtering compared with the tradi-

tional Gaussian filtering method, and the scanned object profile is more smooth, and has good stability
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and accuracy, which is beneficial to the effect of LiDAR mapping.

Key words: point cloud; LiDAR mapping; gaussian filtering; corner extraction
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Fig. 1 Structural diagram of lidar
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Fig. 2 Point cloud Gaussian filtering
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